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The Impact of Real Estate Agent Specialization and Activity
Level on Market Outcomes

Jason Becka, Frank Scottb and Aaron Yelowitzb

aDepartment of Economics, Georgia Southern University, Savannah, GA, USA; bDepartment of
Economics, University of Kentucky, Lexington, KY, USA

ABSTRACT
Real estate agents play a critical role in reducing transaction costs in
home sales. The incentives they face and the effect they have on
selling price and time on market have been shown to differ depend-
ing on the legal setting governing the contractual relationship
between principal (home owner) and agent. Using 8 years of
Multiple Listing Service (MLS) data from a large Midwestern city, we
study a market where the large majority of transactions involve a
listing agent working directly with the seller and a cooperating
agent working directly with the buyer. We find that more active
agents sell homes more quickly, but at a lower price. Important dif-
ferences emerge when we separate agents’ roles into listing agents
and selling agents. We find that recent market activity by listing
agents leads to significantly lower sales prices and a quicker sale. An
additional listing in the previous 60 days is associated with a 0.3%
reduction in sales price and a 0.8-day decrease in days on market.
More active selling agents are associated with fewer days on market,
but with no apparent impact on price. Relative to less active agents,
listing agents in the most active quintile are associated with an 8%
lower transaction price and 14 fewer days on market.

KEYWORDS
Real estate agents; moral
hazard; pricing; time
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SUBJECT CODES
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Introduction

Real estate agents are middlemen/-women who use their knowledge and ability to facili-
tate exchanges between buyers and sellers of homes. The frequency with which sellers
and buyers choose to involve agents makes clear that market participants value their
services.1 A number of papers have examined the effects of agents and brokers on real
estate market outcomes: selling price and time on market. One area where seemingly
different results have been found is how individual agents affect sales outcomes. Several
researchers, such as Rutherford et al. (2005) and Levitt and Syverson (2008), have exam-
ined the principal–agent problem in real estate brokerage and investigated whether
agents are able to sell their own property more rapidly or for a higher price than their
clients’ properties. They find that agent-owned houses command a price premium, but
find mixed results on how rapidly the home sells.

CONTACT Jason Beck jbeck@georgiasouthern.edu Department of Economics, Georgia Southern University,
Hawes Hall 208, 11935 Abercorn St., Savannah, GA 31419, USA.
� 2022 American Real Estate Society

JOURNAL OF HOUSING RESEARCH
2022, VOL. 31, NO. 2, 163–180
https://doi.org/10.1080/10527001.2021.2016340

http://crossmark.crossref.org/dialog/?doi=10.1080/10527001.2021.2016340&domain=pdf&date_stamp=2022-09-21
https://doi.org/10.1080/10527001.2021.2016340
http://www.tandfonline.com


Other researchers who examine market outcomes focus on listing agents, and differen-
tiate among agents according to their inventory of property listings. Bian et al. (2015)
find that agents with a high number of listings sell their clients’ homes more slowly and
for a lower price, but sell their own properties at a higher price, than the reference
groups in the sample. Related research by Turnbull and Waller (2018) finds that agents
with the greatest percentage of listings in the market sell them significantly more quickly
and for a price premium compared with other properties.
The markets studied by these different sets of authors differ significantly in size. In

smaller real estate markets individual agents may handle a significant share of total mar-
ket transactions, in contrast to larger markets that are characterized by agents with
atomistic market shares. The markets studied by these different authors also differ in the
role played by the listing agent. In larger markets, it is much more likely that the listing
agent works directly with the seller and shares the listing with potential cooperating
agents who work with buyers. While dual agency does occur in large markets such as
these, it is less likely than in small markets given the atomistic market presence of each
agent. This stands in contrast with smaller markets where the listing agent actively seeks
out buyers and serves in a dual agency role with a significant positive probability.
The purpose of this study is to expand the line of research on the impact of agent

activity level on transaction price and time on market. It has a focus similar to that of
Bian et al. (2015) and Turnbull and Waller (2018), but we measure activity level differ-
ently and examine a larger market environment. This larger market is more similar to the
markets analyzed by Rutherford et al. (2005) and by Levitt and Syverson (2008), where it
is more likely that a listing agent works directly with the home seller and a selling agent
works directly with the home buyer. We investigate whether active and experienced
agents have an informational advantage or other unobserved talents that make them
more persuasive in convincing their clients to sell “too cheaply and too quickly.”
Specifically, we examine the level of recent agent activity in the market, as well as spe-
cialization in representing either seller (the listing agent) or buyer (the selling agent).
We use data for the 2001–2008 period from the multiple listing service of a large

Midwestern city of approximately 1 million residents. There were roughly 90,000 proper-
ties sold through the local Multiple Listing Service (MLS) in that period. Standard house
and property characteristics were available, and we constructed neighborhood control
variables from nine-digit ZIP codes. Because of the 8-year period over which we were
able to observe real estate transactions, we also constructed measures of agent experi-
ence and market activity. These allow us to test whether and to what extent agent char-
acteristics affect sales price and time on market.
We find that greater listing agent activity (within the previous year) is associated with

a lower sales price and shorter time on market. Greater selling activity by the cooperat-
ing agent has no significant impact on sales price but is associated with shorter time on
market. When listing agent activity is examined more closely, we find that very recent
listing agent market activity (within the past 60 days) has a sizeable negative effect on
sales price, and also on days on market. Less recent listing agent activity generally has a
smaller but still significant effect. We further investigate whether superstar agents (those
with a large number of transactions) produce different outcomes than less active agents.
Homes listed by the most active quintile of listing agents sell for 8% less and are on the
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market for 14 fewer days than otherwise. These results suggest that, compared with
other agents, the most active listing agents sell their clients’ houses significantly more
quickly, albeit at a lower price.

Literature Review

A number of studies have explored the relationship between agent characteristics, such
as experience, gender, race, specialization, and so on, and agent income (e.g., Benjamin
et al., 2009; Glower & Hendershott, 1998; Johnson et al., 2007; Sirmans & Swicegood,
2000). Other studies have focused on the effect of agent characteristics on sales out-
comes—price and/or time on market (e.g., Bernheim & Meer, 2013; Jud & Winkler, 1994;
Turnbull & Dombrow, 2007; Waller & Jubran, 2012; Yang & Yavas, 1995). Still other stud-
ies have analyzed the effect of brokerage firm characteristics on sales outcomes, some-
times with contrasting results (Angjellari-Dajici et al., 2015; Beck et al., 2013; Hughes,
1995; Locke, 2020; Turnbull & Dombrow, 2007).2

The principal–agent relationship between sellers of homes and listing agents is well
recognized in the literature, for example, in Levitt and Syverson (2008), Rutherford et al.
(2005, 2007), Bian et al. (2015), and Turnbull and Waller (2018). In an agent-assisted
transaction, the listing agent carries out various activities associated with selling the
home and then, if a deal is reached with a buyer, receives a commission on the final
sale price. Because the commission is typically calculated as a percentage of the sale
price, it might appear that the incentive of a listing agent aligns with that of the seller,
since a higher sales price means a bigger commission payment received. The extra pay-
ment actually received by the agent for a marginal increase in the sales price is likely to
be quite small, however, calling into question the incentive structure.3

Given the informational advantage real estate agents likely hold over their seller cli-
ents about local market conditions and the value of the house, and given the incentive
structure, Levitt and Syverson (2008) speculate that agents may use their position to per-
suade clients to accept low offers in order to secure a quicker sale. They make use of
the fact that real estate agents often sell their own homes, and thus are the sole claim-
ant on any marginal price increase. They compare these outcomes with those observed
from non-agent-owned properties via hedonic models for sale price and days on market.
They find that when agents sell their own homes, even controlling for a wide range of
characteristics, they keep them on the market longer (9.55 days) and obtain a higher
price (3.7%). They conclude that “agents have an incentive to convince clients to sell
their houses too cheaply and too quickly.” Rutherford et al. (2005, 2007) obtain similar
results when applying a comparable methodology to agent-owned houses and then spe-
cifically to condominiums.4 They find that agent-owned houses sell no faster but do
command a significant 4.5% price premium.
Bian et al. (2015) and Turnbull and Waller (2018) explore a particular aspect of the

principal–agent problem in real estate. They ask the recurring question posed by Jud
and Winkler (1994) and others—“whether there are significant gains to listing with some
agents in preference to others.” They focus on the most active and visible agents in the
market, to see whether the divergence between homeowners’ interests and agents’
interests is greater for these types of agents.5 They model the behavior of an agent who
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lists a property for a homeowner, and then exerts effort to find a buyer for that property.
Listing agents have to decide how much effort to devote to finding new listings and
how much to devote to finding buyers for their existing listings. In this framework, the
listing agent can end up also working with the buyer as a transaction broker with nontri-
vial probability. This outcome is known as dual agency.6

As Brastow and Waller (2013) point out, dual agency distorts the incentives of the real
estate agent, affecting both the distribution of buyers who are shown a given property
and the distribution of homes that are shown to an agent’s internal buyers. Gardiner
et al. (2007) study dual agency in Hawaii real estate transactions, and find a significant
price discount present in dual agency transactions during the period prior to a legislative
change in disclosure requirements, confirming their conjecture about misaligned incen-
tives. Johnson et al. (2015) further explore dual agent transactions and focus on the
identity of the seller. Government-owned and bank-owned properties sell at a significant
discount when compared with agent-owned properties.
Elder et al. (2000) discuss changes in the role that brokers have played in residential

real estate transactions, and how public policy has changed to clarify the services and
responsibilities of agents and brokers to their clients. During the period of Bian et al.
(2015) and of Turnbull and Waller (2018) analysis, dual agency was common in Virginia,
especially in smaller real estate markets. In 2012 Virginia changed its law on real estate
agency and significantly strengthened the disclosure requirements on real estate agents
regarding dual agency.7 Generally, the fiduciary responsibility of real estate agents and
brokers has differed over time and across states. In the past some states have permitted
dual agency, but increasingly, states have moved either to forbid it or to impose strong
disclosure requirements. In Turnbull and Waller’s model an agent who lists a property for
a seller and then goes looking for buyers has mixed incentives. There is a shopping
externality for agents with large listing inventories, which would generate a higher price
and shorter time on market. The sales effort per client for more active agents having
more listings may be diminished, however, and lead to a lower price and longer time on
market. This framework differs considerably from a market where generally a listing
agent works directly with the home owner and a separate selling agent works directly
with the home buyer.

Listing Agent Effort in Large Markets

In larger markets where individual agents are atomistic and dual agency is therefore less
likely, the roles of the agents working with the home owner and the prospective home
buyer are straightforward. A property owner lists the house with an agent who adver-
tises it and assists in getting it ready for showing. Additionally, in most states, the con-
tract that the property owner signs with the listing agent includes explicit compensation
for a cooperating selling agent who brings the buyer to the transaction.8 Other agents
who have clients looking to buy a house arrange showings through the homeowner’s
agent. The listing agent may have other clients whom they are helping to buy a house,
or they may specialize in listing homes and only represent sellers. The larger the real
estate market, however, the lower the probability that the optimal match occurs within
the listing agent’s portfolio of clients. The buyer’s agent advises their client and exerts
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effort helping them find a suitable house. The seller’s agent helps their client and advises
them when buyers make offers. The delineation of fiduciary responsibility is clear to
both listing agent and selling agent and to homeowner and prospective buyer.9 This is
the same model implicit in Levitt and Syverson’s empirical analysis. They dismiss shirking
in favor of informational advantages as the explanation for their empirical findings.
The difference that the type of market setting makes can be seen in Turnbull and

Waller’s model of agent scale and performance. They start with a representative individ-
ual house listed by a representative agent. The agent devotes s search and sales effort
on the property owner’s behalf. The expected selling price of the house, E[P], depends
on both the agent’s effort and the size of the agent’s listing inventory, n. There is an
agent-specific shopping externality wherein greater agent visibility from more listings
increases agent effort productivity in finding a buyer. The probability that the listing
agent sells the property herself, f(s), is subject to diminishing returns. The sole-brokered
commission is cs and the co-brokered commission is co. Finally, the agent’s cost of
acquiring and maintaining listings is wn, where w is the marginal cost to the agent of
acquiring another listing.
In this model the agent’s expected profit is

pðs, nÞ ¼ ½fðsÞcspðsÞHðnÞ þ ð1� fðsÞÞcopo�n – vðsnÞ – wn

Turnbull and Waller derive first-order conditions and discuss how the optimal sales
effort is affected by the inventory shopping externality. They also explain how the agent
will determine the number of listings to pursue:

½fðsÞcspðsÞ HðnÞ þ ð1� fðsÞÞcopo� þ nfðsÞcspH’ðnÞ ¼ v’s þ w

In a small market where the probability is that the agent finds a buyer herself, she
thus considers both the cost of acquiring the listing and the cost of additional sales
effort needed to service the listing, that is, find a buyer.
In a large market where each agent is atomistic, however, the probability that the list-

ing agent sells the house herself, f(s), approaches zero. This changes the agent’s
expected profit to

pðs, nÞ ¼ copon – wn

and her first-order condition delineating effort to acquiring additional listings to

copo ¼ w

In other words, in a large market where the probability of selling your own listing is
very small, the agent will seek to acquire more listings as long as the shared commission
rate times the selling price equals the opportunity cost of the agent’s time. This model
could be modified to make selling price a function of agent effort in advising and bar-
gaining on behalf of the seller, but as Levitt and Syverson point out, since co is a small
number, the monetary incentive to do so is small. So we are back to their question: In a
market where the probability of selling your own listing is small, do listing agents have
an incentive to advise their clients to sell too quickly and at too low a price?
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Data

Data were obtained from the MLS of a Midwestern city with a metropolitan population
of roughly 1 million residents. Information was available on sold homes through the
city’s Multiple Listing Service from January 1, 2001, through November 30, 2008.10 There
were roughly 90,000 sold properties in the MLS over these nearly 8 years, a period dur-
ing which housing prices were generally rising and before the crash and sharp downturn
in housing market activity and prices.11 The data cover virtually all of the agent-assisted
transactions in the area. Since we focus on the effects of agent characteristics on agent-
assisted outcomes, the absence of “for sale by owner” homes is not problematic. The
data allow for a standard set of hedonic controls, including physical characteristics, loca-
tion, agent and firm-related variables, and sales outcomes.
The data are restricted in several ways. First, we limit our analysis to sales of existing

homes. Newly constructed homes are typically marketed differently from existing homes,
with developers often working directly with specific real estate brokers. Simply adding a
dummy variable might not accurately capture this effect, so only homes that are com-
pleted and at least 2 years old at the time of sale are included. New and under-construc-
tion homes represented approximately 11,000 observations. Condominiums could
arguably be considered a different product market with different types of buyers and sel-
lers. This study focuses on single-family homes, and thus the approximately 9,800 sold
condominiums are excluded.
The sample was further restricted to homes selling for at least $20,000 but no more

than $3,000,000, thus excluding approximately 2,700 sold homes. Observations with
missing values or values that were illogical enough to suggest input error were also
excluded. Since the MLS is a primary tool for listing agents to find buyers, incentives
exist for them to enter the information accurately. Nevertheless, information is not inde-
pendently verified, and approximately 5% of the observations were removed due to
blank or illogical entries.12

Categorical variables indicating the number of bedrooms (one_bedroom, two_bed-
rooms, etc.), the number of full or half bathrooms (one_fullbath, etc., zero_halfbaths, one_-
halfbath, etc.), and the number of fireplaces (one_fireplace etc.) associated with the
observation are included. House size is controlled for via the variables sqft–sqft5, which
represent square footage quintiles (see Table 1 for the specific ranges). Lot size is con-
trolled for by dividing the range into five categories with specific ranges (see Table 1 for
these ranges) and one additional category for blank entries. The variables y2001–y2008
are fixed effects for sale year to control for the effects of contemporaneous market and
economic conditions.
The age of the house is controlled for via a series of binary variables: two-five_years,

six-ten_years, eleven-twentyfive_years, twentysix-fifty_years, fiftyone-hundred_years, and
hundredplus_years. New homes, defined as those with a reported age of 0 or 1, are
excluded from the analysis. Six-digit ZIP codes were created to be later used as loca-
tional controls from nine-digit ZIP codes. These were derived from the provided street
address of each observation. There were 575 six-digit ZIP codes represented in the data,
but of those, 226 six-digit ZIP codes each had fewer than five observations within it. The
427 observations in those 226 six-digit ZIP codes were dropped. Of the remaining 349
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six-digit ZIP codes, each represented on average 0.28% of the observations. The largest
represented 1.66%.
The primary data set used for analysis begins with 62,035 sold houses.13 Summary sta-

tistics can be found in Table 1. The typical house had three bedrooms, two full baths,
and was 36 years old. It sold for $162,512 and was on the market for 73 days.

Empirical Estimation and Results

Basic Hedonic Model

Throughout the following analysis, we estimate two separate hedonic models reflecting
the two dimensions of market transactions. The first model uses the natural logarithm of
the sales price (ln price) as the dependent variable, while the second uses days on mar-
ket (DOM) as the dependent variable. These two sales outcomes are jointly determined,
and thus a two-stage least squares (2SLS) approach would be preferred.14 However, as
Zahirovic-Herbert and Turnbull (2008) point out, finding a suitable instrument is difficult,
and thus no widely agreed upon method for dealing with the endogeneity has emerged.
For that reason we estimate reduced-form equations similar to those of Levitt and
Syverson (2008), Shi and Tapia (2016), Angjellari-Dajici et al. (2015), and others. We con-
trol for observable home characteristics in the basic hedonic specification with a series
of dummy variables to allow for nonlinearity.15 This approach also follows Levitt and
Syverson (2008).
The models are estimated via ordinary least squares (OLS) with robust standard errors.

Coefficients on control variables have the expected signs and magnitudes and are consist-
ent with previous research. Examining the ln price equation results presented in Table 2,
one can see that larger houses and homes with more bedrooms sell for progressively more.
Referring to the DOM equation, it appears that larger homes take progressively longer to
sell, all else constant.
Unsurprisingly, amenities such as larger garages and additional full or half bathrooms

are associated with higher sales prices. Most coefficients have the expected signs and
reasonable magnitudes. The marginal effects of a few variables, such as four_plusfullbaths
and three_plusfireplaces, are associated with noticeably large increases in price (relative
to the respective reference groups). These variables may be capturing correlated unob-
served high-end home characteristics such as granite countertops, expensive landscap-
ing, and so on.16 Older houses tend to sell for progressively less than the reference
group (2 to 5 years old). All of the age categories except hundredplus_years are associ-
ated with shorter time on market, which is perhaps surprising, as one might expect
newer houses to more accurately reflect current tastes, be more desirable, and thus sell
more quickly, all else equal. Larger lot sizes are associated with higher sales price and
longer time on market. Generally speaking, it appears that high-end home characteristics,
such as more acreage, more full bathrooms, and more square footage, generally imply a
longer time on market. Sale-year fixed effects are included and are highly significant. The
increase in prices in the housing market during this period is apparent, topping out at
more than 15% in 2006 and 2007 relative to homes sold in 2001 (the refer-
ence category).
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Table 2. Hedonic estimation of ln price and days on market equations.
Ln price equation Days on market equation

Coefficient t Statistic Coefficient t Statistic

Constant 11.262 324.47 143.959 4.38
onebedroom �0.390��� �17.44 2.723 0.75
twobedrooms �0.127��� �27.92 3.081��� 3.11
threebedroom Omitted Omitted
fourbedrooms 0.011��� 4.28 0.945 1.3
fivebedrooms 0.037��� 6.51 1.634 1.06
sixplusbedrooms 0.078��� 4.87 9.584�� 2.42
onefullbath Omitted Omitted
twofullbath 0.114��� 35.6 2.677��� 3.27
threefullbath 0.235��� 44.56 5.693��� 4.03
fourplusfullbath 0.524��� 50.57 12.053��� 4.57
zerohalfbaths Omitted Omitted
onehalfbath 0.104��� 42.26 3.052��� 4.47
twohalfbath 0.206��� 25.2 4.894�� 2.22
threehalfbath 0.312��� 5.65 �2.486 �0.21
fourplushalfbath 0.065 0.65 �0.092 �0.01
two_fiveyears Omitted Omitted
six_tenyears �0.047��� �13.76 �6.324��� �5.42
eleven_twentyfiveyears �0.096��� �26.67 �5.342��� �4.36
twentysix_fiftyyears �0.144��� �36.89 �5.162��� �4.07
fiftyone_hundredyears �0.172��� �30.24 �4.46��� �2.88
hundredplusyears �0.271��� �21 �2.209 �0.84
sqft1 Omitted Omitted
sqft2 0.079��� 21.47 �0.743 �0.084
sqft3 0.165��� 41.31 2.603��� 2.59
sqft4 0.249��� 55.05 4.478��� 3.82
sqft5 0.431��� 74.57 7.146��� 4.72
y2001 Omitted Omitted
y2002 0.042��� 12.59 �15.924��� �16.21
y2003 0.079��� 23.56 �27.031��� �28.49
y2004 0.104��� 29.86 �26.729��� �28.45
y2005 0.141��� 37.88 �25.958��� �26.57
y2006 0.155��� 43.98 �22.228��� �23.2
y2007 0.152��� 40.51 �20.921��� �20.97
y2008 0.114��� 21.16 �14.091��� �9.76
zerofireplaces Omitted Omitted
onefireplace 0.073��� 30.24 2.118��� 3.19
twofireplaces 0.125��� 29.71 2.649�� 2.31
threeplusfireplaces 0.315��� 29.79 9.831��� 4.01
acreage_notreported Omitted Omitted
acreage0to25 �0.059��� �13.62 0.636 0.52
acreage25to1 0.001 0.28 2.132�� 2.18
acreage1to5 0.121��� 18.24 10.41��� 5.59
acreage5to20 0.310��� 31 10.861��� 3.79
acreagemore20 0.820��� 20.9 25.355 3.03
no_garage Omitted Omitted
onecargarage 0.086��� 26.61 0.274 0.34
twocargarage 0.139��� 50.46 �0.323 �0.46
threecargarage 0.335��� 16.97 �2.513 �0.37
threepluscargarage 0.298��� 48.01 5.911��� 3.43

F-statistics 819.78 10.87
Prob > F 0.00 0.00
R-squared 0.845 0.072
N 62,035 62,035

Notes: Table 2 presents OLS results using robust standard errors. Six-digit ZIP code locational controls are included in
the regression but omitted from the results.��� Statistically significant at the 1% level.�� Statistically significant at the 5% level.
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Agent Activity Variables

Initial Specifications
Our focus is to explore the effects of agent activity level on sales outcomes. As a first
pass, a simple operationalization of agent activity was constructed and included in the
two hedonic models. This variable, total_activity365, measures the number of previous
real estate transactions within the previous 365 days in which the observation’s associ-
ated listing agent was involved. Previous transactions by the associated listing agent as
either a listing agent or a selling agent are counted.17 Results can be found in Table 3,
Specification 1.
In the log sales price equation, the coefficient associated with total_activity365 is nega-

tive and statistically significant at the 1% level, implying that more active listing agents
are associated with lower transaction prices, all else constant. Each additional transaction
the listing agent has been involved in (as either the listing or selling agent) within the
last year is associated with a 0.12% decrease in sales price. Evaluated at the mean sales
price, this represents a $195 difference per previous transaction experience. Houses sold
using an agent with experience that is one standard deviation above the mean are asso-
ciated with a reduction in price of $5823, based on the estimated coefficients from
this model.18

In the DOM equation, an additional real estate transaction in the previous year in
which the listing agent was involved is associated with a 0.21-day decrease in time on
market. This result is also statistically significant. An agent whose experience puts them
one standard deviation above the mean is associated with a 6.1-day quicker sale.
The sign and statistical significance of the results just described encourage deeper

exploration into the connection between agent activity level and sales outcomes. In the
next specifications, we decompose the total_activity365 variable to highlight the specific
potential effects of listing activity for the listing agent and selling activity for the selling
agent. List_activity365 reflects the number of other listings the listing agent has success-
fully closed in the last year (as opposed to listing plus selling experiences).
Sell_activity365 measures the selling agent’s selling experience. It is the count of other
sold homes that he or she has served on as a selling agent within the last year.
Results in Table 3, Specification 2, suggest that previous listing experience by the list-

ing agent has greater impact on both the sales price and days on market than selling

Table 3. ln Price and days on market hedonic with agent activity controls.
Specification 1
ln Price equation DOM equation

Variable Coefficient T Statistic Coefficient T Statistic

total_activity365 �0.0012��� �33.66 �0.2052��� �29.95

Specification 2
ln Price equation DOM equation

Coefficient T Statistic Coefficient T Statistic

list_activity365 �0.0017��� �35.12 �0.2439��� �26.08
sell_activity365 0.00004 0.290 �0.0975��� �2.83

Notes: Table 3 presents OLS results using robust standard errors. Hedonic controls from
Table 2 are present but not reported.��� Statistically significant at the 1% level.
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experience by the selling agent. The marginal impact of an additional previously sold
listing by the associated listing agent is a reduction in the sales price by 0.17%, or about
$275 at sample mean home price. This result is statistically significant at the 1% level.
Sell_activity365 is not statistically significant at conventional levels, suggesting that sell-
ing agent experience has little noticeable impact on sales price of the home. This is not
surprising, in that the selling agent typically works in much less direct contact with the
seller than the listing agent and thus will likely be less influential in the decision to
accept or refuse an offer.19

In the days on market equation, again, list_activity365 has a statistically significant
impact. Each previous listing transaction in which the listing agent was involved within
the previous 365 days is associated with a decrease in the DOM by 0.24 days. This result
and the log price results support the hypothesis that more active listing agents close
deals for the home seller more quickly at lower prices. Also of interest in the DOM equa-
tion is that prior experience by the selling agent is likewise negative and statistically sig-
nificant. The marginal impact of sell_activity365 is �0.98 days. A plausible explanation for
this result is that active selling agents are more familiar with the latest listings to come
on the market, and are thus more likely to show their clients houses that have only
been on the market for a short time. Perhaps more plausibly, active and successful sell-
ing agents may be more assertive and better at getting the deal closed.

Temporal Effects of Previous Agent Activity
The previous results prompt us to investigate whether the timing of previous agent
activity differentially affects market outcomes. Since recent transactions might be more
convincingly used by agents advising clients about whether to accept an offer, we
explore the timing of previous activity by decomposing the list_activity365 and sell_activ-
ity365 variables into previous transactions within specific time windows relative to the
sale date of the observation.20

List_activity0_60 is the number of other homes the listing agent has sold within
60 days of the observation’s sale date. List_activity61_120, list_activity121_180, list_activ-
ity181_240, list_activity241_300, and list_activity300_360 represent a count of other sold
listings for the listing agent in the windows of 61 to 120, 121 to 180, 181 to 240, 241 to
300, and 301 to 360 days, respectively. A similar series is created for the associated sell-
ing agent, sell_activity0_60, sell_activity61_120, sell_activity121_180, sell_activity181_240,
sell_activity241_300, and sell_activity300_360. These variables replace the list_activity365
and sell_activity365 variables in the previous models. Results are presented in Table 4.21

In the log price equation, the effect of an additional listing is largest for the most
recent previous transactions by the associated listing agent. The effect appears relatively
small, around three-tenths of a percent of the sales price, but recall that this is the mar-
ginal impact of a single transaction. Evaluated at mean sales price, this percentage repre-
sents $525 per previous transaction. For the average home, a listing agent with listing
transactions in the past 60 days one standard deviation above the mean would be asso-
ciated with a $2564 reduction in the predicted sales price. Transactions in the
121–240 days window appear to have a slightly smaller effect, though similar in magni-
tude. Transactions in the 61–120 days range had no statistically significant effect. At the
241-day mark, a tapering, but still statistically noticeable, effect is observed, which
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disappears by the 300-day mark. These results mostly support the position that increased
recent agent activity correlates with lower transaction prices. Results associated with the
selling agent’s activity fail to reveal a consistent pattern and support the position that
selling agents have less impact on sales price than listing agents.
In the DOM equation, again, the most recent listing agent transactions have the larg-

est impact and are in the hypothesized direction (downward). Each home listed and sold
by the observation’s listing agent in the last 60 days was associated with a 0.76-day
decrease in days on market. For perspective, a home sold by a listing agent with an
activity variable one standard deviation above the mean would sell 3.7 days more quickly
relative to the mean. Previous listings in the 61 to 120 days window are associated with
a 0.43-day decrease in days on market. Listings more than 120 days previous have either
a smaller or a statistically insignificant effect. Each additional previous selling experience
(by the selling agent) within 120 days is associated with about a 0.6- to 0.7-day decrease
in DOM.

Nonlinearities in Agent Activity Levels
One final aspect of agent activity that we explore is the effect of superstar agents on
market outcomes. Are the most successful listing agents more likely to be associated
with faster sales at lower prices for their clients? Does success breed success, in that
more active listing agents are more credible in convincing their clients to accept an offer
too soon and at too low a price? Thus far, the level of previous transactions by the
agents has entered into the equations linearly. To allow for nonlinear effects of agent
activity, we divide the listexp365 and sellexp365 variables into quintiles, creating a series
of five categorical variables for both the listing and selling agents. Verysmalllist is a
dummy variable equal to one if the home sold via a listing agent in the first quintile of
the list_activity365 variable, with smalllist, medlist, largelist, and verylargelist each repre-
senting the remaining four quintiles. Verysmallsell, smallsell, medsell, largesell, and verylar-
gesell represent the quintiles of the sell_activity365 variable.

Table 4. Market hedonics with more refined agent activity controls.
ln Price equation Days on market equation

Variable Coefficient T Statistic Coefficient T Statistic

list_activity0_60 �0.0032��� �7.63 �0.7581��� �9.06
list_activity61_120 �0.0005 �1.11 �0.4334��� �3.99
list_activity121_180 �0.0028��� �4.95 0.288�� 2.39
list_activity181_240 �0.0029��� �5.00 �0.0956 �0.79
list_activity241_300 �0.001� �1.93 �0.0563 �0.48
list_activity301_360 0.0001 0.19 �0.3454��� �3.26

sell_activity0_60 0.0007 0.97 �0.6971��� �4.03
sell_activity61_120 0.0002 0.22 �0.6093��� �3.19
sell_activity121_180 �0.0008 �1.07 0.5125��� 2.63
sell_activity181_240 0.0045��� 3.36 �0.0276 �0.08
sell_activity241_300 �0.0014 �1.02 0.4478 1.09
sell_activity301_360 �0.0031�� �2.10 0.029 0.07

Notes: Table 4 presents OLS results using robust standard errors. Hedonic controls from Table 2 are present but
not reported.��� Statistically significant at the 1% level.�� Statistically significant at the 5% level.� Statistically significant at the 10% level.
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Results in Table 5 show that homes associated with the second and third listing
experience quintile, relative to the first quintile (i.e., the “small” and “medium” listing
agents versus the “very small”), exhibit no statistically significant difference in price.
However, observations associated with the fourth quintile (the “large” agents) see a stat-
istically significant negative effect of a little more than one-half percentage point.
Observations associated with the fifth quintile (the “very large” agents) experience a
much larger negative effect of 8%. Relative to transactions involving other agents, homes
listed through the most active quintile of agents sold for noticeably less. Selling agent
experience variables are statistically insignificant in this specification.
In the days on market equation, the most active listing agents (fifth quintile) are asso-

ciated with a nearly 14-day decrease in days on market relative to the smallest (first
quintile). This coefficient is much larger for the most active group than for the second
through fourth quintiles (�2.5, �1.9, �4.8, respectively), suggesting that the least active
listing agents take the longest to sell homes, the middle three quintiles are associated
with a slightly faster sale, but the most active agents are associated with considerably
decreased time on market. The model’s predicted effect for selling agent activity was
fairly consistent. The least active selling agents are associated with transactions involving
homes that have been on the market for 2.5 to 4 days longer than the transactions
involving the more active other four quintiles of selling agents.
The lower prices and faster sales associated with the most active agents could be a

reflection of the higher informational leverage these agents have. However, it is also pos-
sible that the observed results illustrate that the best agents are successful in part
because they can communicate to their clients that focusing solely on receiving the
highest possible price may not be optimal. For instance, waiting for a higher price, even
if achieved, may result in a worse outcome overall for the seller when factoring in things
like the additional holding costs, the added stress from prolonging the selling process,
the delaying of other plans, and so on.

Summary and Conclusions

As evidenced by their ubiquity, real estate agents play a critical role in housing transac-
tions. They provide expertise in facilitating transactions and reducing risk to market

Table 5. Market hedonics with agent activity quintiles.
ln Price Days on market

Variable Coefficient T Statistic Coefficient T Statistic

verysmalllist Omitted
smalllist 0.0018 0.60 �2.5678��� �2.80
medlist 0.0015 0.53 �1.8614�� �2.18
biglist �0.0058�� �2.00 �4.8307��� �5.68
verybiglist �0.0794��� �25.18 �13.7519��� �16.34
verysmallsell Omitted
smallsell �0.0015 �0.50 �2.4861��� �3.04
medsell 0.004 1.29 �3.912��� �4.45
bigsell 0.0018 0.61 �4.0529��� �4.98
verybigsell �0.0034 �1.15 �3.2748��� �4.03

Notes: Table 5 presents OLS results using robust standard errors.
Hedonic controls from Table 2 are present but not reported.��� Statistically significant at the 1% level.�� Statistically significant at the 5% level.
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participants, who usually have limited experience in the process. Not as obvious is
whether middlemen/-women affect the terms of the transaction, that is, how quickly a
house sells and at what price. We have analyzed more than 60,000 housing transactions
over an 8-year period using data from the MLS of a large Midwestern city to determine
whether agents induce their clients to sell their homes “too cheaply and too quickly.”
We find that more active agents sell homes more quickly, but to the detriment of
sales price.22

When agents’ roles in a housing transaction are separated into listing agents and sell-
ing agents, we find that recent market activity by listing agents leads to significantly
lower sales prices. Evaluated at the mean sales price, an additional listing in the previous
60 days is associated with a 0.32% or $525 reduction in sales price. Selling agents have
no obvious impact on sales price. Recent market activity by listing agents also reduces
the time on market. An additional listing in the previous 60 days is associated with a
0.76-day decrease in days on market. More active selling agents are associated with
fewer days on market as well—an additional selling transaction within the previous 60
days is associated with a 0.7-day decrease in days on market.
Finally, we examine whether the price and time-on-market impacts are more prevalent

among the most active agents by sorting listing agents and selling agents into activity-
level quintiles. The most active quintile of listing agents is associated with a transaction
price 8% lower than that of less active listing agents. There are no statistically significant
differences in transaction price by activity level among selling agents. The most active
quintile of listing agents is associated with a 14-day faster sale than for the least active
listing agents. Among selling agents, the least active quintile is associated with between
2.5 and 4 days longer on the market than for the other four quintiles.
These results suggest that some real estate professionals, in their role as listing agent,

are able to speed up the transaction (reduce days on market), albeit at a lower sales
price. These agents tend to be more active, that is, they are involved as the listing agent
in more transactions. One possible explanation may be that such listing agents are more
persuasive and convince their clients to accept a lower price in order to move the house
more quickly. Alternatively, they may simply be better at engaging clients whose houses
will sell quickly, and at a lower price than the observable qualities would otherwise pre-
dict. It is not surprising that selling agents do not have any noticeable impact on sales
prices, since they generally do not have any direct interaction with the homeowner. It is
also not surprising that more active selling agents are associated with fewer days on
market, since they are more likely to know which properties have recently been listed
for sale.

Disclosure statement

No potential conflict of interest was reported by the authors.

Notes
1. The National Association of Realtors (NAR) reports that for sale by owner transactions

accounted for only 8% of home sales in 2020 (https://www.nar.realtor/research-and-statistics/
quick-real-estate-statistics).
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2. Benjamin, Jud, and Sirmans (2002) provide a general overview of research on real estate
brokerage. Bernheim and Meer (2013) review other research on the impact of real estate
brokerage on market outcomes. Doiron et al. (1985) and Frew and Jud (1987) find higher
prices associated with the use of a broker, while Kamath and Yantek (1982), Yavas and
Colwell (1995), and Zumpano et al. (1996) find insignificant or negative price effects.

3. An agent selling her own $250,000 home would bear the full $20,000 loss if the price were
reduced to $230,000 to close the deal. If she is listing the house for a client and there is a
cooperating selling agent, then she and her broker see their commission reduced by $600.

4. Clauretie and Daneshvary (2008) further explore this possibility by looking at the potentially
changing nature of the agent/client relationship as the expiration date of the listing contract
approaches. If an agent is able to use his or her informational advantage to persuade a seller
to accept an offer, the incentive to do so increases as the listing contract approaches its
predefined termination point. They find a correlation between lower sales prices and
properties that are approaching the end of the listing contract. Bian et al. (2017) analyze the
effort of agents selling clients’ properties at the same time as their own concurrently listed
properties, and find that client properties stay on the market for a longer time and sell at a
lower price.

5. Both papers provide excellent reviews of the literature on principal–agent issues in real estate
brokerage. Among others, Huang and Rutherford (2007) examine the effect of agent
experience on selling price and time on market. Xie (2018) explores the impact of seller
motivation, and finds that homes owned by institutional clients are sold more cheaply and
more quickly than agent-owned homes, and the differences are mainly driven by less-
experienced agents.

6. Bian et al., (2015) find that agents with a very high number of listings sell their clients’ homes
for 3% less and 129% more slowly than the reference groups in their sample. Turnbull and
Waller (2018) find that properties listed with agents commanding 5% or more of the market
sell for a 2.5% premium and 35% faster than other properties. Both studies used 1999–2009
data from Lynchburg, VA, a city with a 2010 population of 75,000 and a real estate market
that averaged 760 transactions per year. In contrast, Rutherford et al. (2005) used 1999–2003
data from several counties in a large Texas city that averaged 76,717 transactions per year,
and Levitt and Syverson (2008) studied 34 Cook County (Chicago, IL) suburbs during the
1992–2002 period.

7. See Hegeman and Kantor (June/July 2012, www.varealtor.com). For a description of the
explicit disclosure requirements imposed on Kentucky agents and brokers in dual agency
situations, see https://smileypete.com/business/2012-03-02-the-many-faces-of-a-real-
estate-agent.

8. This is contrasted with the situation where the home buyer separately hires his or her own
agent to explicitly and unambiguously represent his or her interests. See Zumpano et al.,
(1996) and Johnson et al. (2015).

9. Nadel (2021) provides an interesting discussion of pocket listings and how listing agents
sometimes violate their fiduciary duty by delaying the public posting of newly
acquired listing.

10. Data were available starting in year 2000, but those data were only used to create key
variables which depend on previous transactions.

11. Since some homes sold multiple times in the sample period, each home is not
necessarily unique.

12. Examples include moderately priced homes with 44 reported bathrooms and homes with a
reported 10 square feet of living space.

13. This represents a reasonably large volume of sold homes compared to some similar studies.
For instance, Bian et al. (2015) and Turnbull and Waller (2018) use 12,388 and 8,352 sold
homes, respectively, for their analyses.

14. Other studies, such as Knight (2002), Turnbull and Waller (2018), Bian et al., (2015), Johnson
et al. (2015), and others, take a 2SLS or 3SLS approach.
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15. As a robustness check, the models were also estimated with bedrooms, bathrooms, square
footage, and those variables squared, entering as levels rather than dummy variables. Estimates
related to the variables of interest were not qualitatively different from those presented in Table 2.

16. While the data were fairly rich, they were not complete enough to account for home
characteristics such as these.

17. In cases of dual agency, the listing agent is also the selling agent. This occurred in 18.1% of
sold homes. Brastow and Waller (2013) report dual agency occurring in 31.7% of transactions
in a smaller market with 12,549 sold homes over 91=2 years. This level of dual agency might
serve as an estimate for the level of dual agency in the analysis of Bian et al. (2015) and
Turnbull and Waller (2018), as all three studies use data from central Virginia over roughly
the same time period and sample size.

18. The mean of this variable was 20.3 with a standard deviation of 29.9.
19. This result is consistent with Zumpano et al. (1996) and Levitt and Syverson (2008).
20. Total agent activity, measured by listing plus selling transactions involving the listing agent,

was also explored. Results were qualitatively similar but smaller in magnitude than those
presented in Table 4.

21. Results from 60-day time windows are discussed here and presented in Table 4, but 30- and 90-day
windows were also explored. The results were qualitatively similar and are available upon request.

22. Real estate agents who sell their own house typically have different objectives and face
different constraints than homeowners who hire an agent to help them sell their house. The
optimal price and time-on-market strategy for a liquidity-constrained family moving to take a
job in a different location is likely very different from that of an experienced real estate agent
who buys and sells houses in a given location for a living. That an agent waits longer and gets a
higher price when acting on their own behalf does not imply that they are not representing the
best interests of their clients when their clients’ houses sell faster and at lower prices.
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